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Abstract

Objectives: The COVID-19 struck the world in 2020, and the number of fatalities and number of people testing
positive continue to rise. Countries experience a high variability in cases and mortality. We aim to quantify the
associations between a country’s socio-economic characteristics and COVID-19 related mortality in the world.

Study design: The study design includes the daily COVID-19 data for every country that is paired with the
stringency index and a country’s metrics of socio-economic characteristics.

Methods: A two-step fixed-effects estimator is used to determine the daily COVID-19 fatality rate per million
people as a pooled panel dataset. The first step estimates a negative binomial regression for the time-varying
variables, while the second step uses a nonlinear least squares for the time-invariant variables.

Results: The daily COVID-19 fatality rate is positively related to the number of people testing positive per million
people and the stringency index. Furthermore, a country’s medical resources are critical to lowering the daily
COVID-19 fatality rate. A country with more medical doctors per 1,000 people and hospital beds per 1,000 people
lower the COVID-19 fatality rate because this country has more medical resources to fight the pandemic. At last, a
country with a higher percentage of elderly, obesity, diabetes, and urban population raise the daily death rate from
COVID-19, while a higher life expectancy lowers it.

Conclusion: The results show countries’ socioeconomic characteristics influence the COVID-19 fatality rate.
Governments could prepare against future outbreaks by investing in healthcare resources and initiating programs to
improve their citizens' health.
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Highlights
• A two-step fixed effect estimator can estimate parameters for time-

invariant variables.
• The COVID-19 fatality rate is positively related to the stringency

index.
• The number of medical doctors and hospital beds per 1,000 reduces

COVID-19 fatality.
• Obesity, age, diabetes, and urban population are risk factors for

COVID-19.

Introduction
The novel Coronavirus (COVID-19) started in Wuhan, China, in 

December 2019 and spread to every country worldwide by March 
2020. COVID-19 is a member of the Coronavirus family and includes 
the common cold, Severe Acute Respiratory Syndrome (SARS), and 
Middle East Respiratory Syndrome (MERS). As of October 31, 2020, 
45.7 million people have tested positive for COVID-19, while 1.2 
million people had died from the new virus.

The COVID-19 fatality differs across countries. For example, South 
Korea and Germany record the lowest death rates while Italy, Spain, 
the United Kingdom and the United States have recorded the highest. 
Medical research has established that males, the elderly age 60 and 
older, or  people  with  pre-existing  conditions  such  as  diabetes,
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cardiovascular diseases, hypertension, cancer, and current and former 
smokers are more likely to die from a COVID-19 infection [1-4]. 
Furthermore, a country’s medical resources impact the COVID-19 
fatality rate. Countries with a shortage of hospital beds, intensive care 
units, and ventilators could suffer from a higher death rate from the 
lack of resources to treat patients with medical complications. 
COVID-19 could strike developing countries particularly hard because 
of a lack of medical resources [5].

The motivation of this study is to estimate a global relationship 
between a country’s COVID-19 fatality rate and its socioeconomic 
characteristics. The goal is to use a large panel dataset that uses all 
countries in the world and spans the pandemic from December 31, 
2019 to October 31, 2020. The panel data contains a country’s socio-
economic characteristics. Since the sample spans less than one year,
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the socio-economic characteristics would enter as fixed country 
factors. Parameter estimation could pose a challenge in econometrics. 
For instance, if a regression is missing a variable, then we have an 
endogeneity problem, where the missing variable is correlated with 
both the dependent variable and one or more with the covariates. Since 
a country’s socioeconomic characteristics are highly correlated, one 
missing variable would lead to biased parameter estimates in a 
random-effects model. On the other hand, the fixed-effects model 
controls for missing variables if the missing variables are fixed over 
time but vary by country. The second challenge is to estimate a fixed-
effects negative binomial regression. A negative binomial regression is 
a standard method to estimate a regression with a countable dependent
variable, such as Deathsi,t=(0,1,2,3⋯) in country i on day t. A country’s 
socioeconomic characteristics enter the regression as time-invariant 
variables. We overcome the estimation problem by estimating a two-
step fixed-effects regression from Honore and Kesina [6]. Once we 
estimate this regression, we infer public policies that could help protect 
vulnerable groups, who are susceptible to succumbing to the new virus.

The study has a second motivation. Several studies that examine the 
impact of a country’s socioeconomic characteristics on the COVID-19 
fatality rate are limited. For example, Hawkins, Charles, and Mehaffey 
and Mukherji concentrate on the United States [7,8]. Sa, concentrates 
on Wales and England [9]. At last, Cao, Hiyoshi, and Montgomery and 
Stojkoski, Utkovski, Jolakoski, Tevdovski, and Kocarev focus on large 
datasets including a large number of countries, but they find few 
statistically significant relationships with their empirical approaches 
[10,11]. Consequently, this study focuses on as many countries as 
possible to ascertain a country’s socio-economic impact on the 
COVID-19 fatality rate and uses a new estimation technique of a 
negative binomial distribution with time-invariant variables.

The two-step fixed-effects estimator shows several interesting 
results. For example, the daily COVID-19 fatality rate is positively 
related to the number of people testing positive per million people and 
to the Stringency Index. The unusual result with the Stringency Index 
may stem from a government imposing more harsh orders to contain 
and stop the spread of the virus as the daily death rises. Second, the 
results indicate a country attains its peak of daily COVID-19 deaths 
between 108.5 and 119.8 days after recording its first positive test 
case. Third, a country’s medical resources are critical to lowering the 
daily COVID-19 fatality rate. A country with more medical doctors 
per 1,000 people and hospital beds per 1,000 people lower the 
COVID-19 fatality rate because this country has more medical 
resources to fight the pandemic. At last, a country with a higher 
percentage of elderly, obesity, diabetes, and urban population raise the 
daily death rate from COVID-19, while a higher life expectancy 
lowers it.

This study contributes to the literature by demonstrating how a two-
step fixed-effects estimator can estimate parameters for time-invariant 
variables and their influence on a country’s daily COVID-19 fatality 
rate. The time-invariant variables correspond to a country’s socio-
economic characteristics. Furthermore, this study overcomes the other 
studies’ limitations by incorporating as many countries as possible in 
the sample.

This paper has the following structure. Section 2 describes the data 
and its origin and explains how to use the two-step fixed-effects 
estimator for a negative binomial regression. Section 3 discusses the 
results, while Section 4 concludes the paper.

Materials and Methods
We use a panel dataset to determine how a country’s socio-

economic characteristics affect the daily fatalities from COVID-19. 
The sample includes as many countries as possible, ranging from 36 to 
162 and starts December 31, 2019 and ends October 31, 2020.

The sample includes the high-risk groups to COVID-19. The high-
risk groups are identified by a country’s socio-economic 
characteristics and enter the analysis as time-invariant variables. The 
variables include the percentage of the population in a country who 
are obese, diabetic, age 65 years and older, urban population, and 
male. The sample also includes the number of medical doctors and 
hospital beds per 1,000 people for each country. In addition, obesity is 
defined as the per cent of the population with a body mass index 
exceeding 30 kg per m2, which comes from the CIA World Fact Book. 
The organisation for economic co-operation and development library 
provides medical doctors and hospital beds, while the World Bank 
supplies the remaining data. All socio-economic data are annual and 
come from 2019.

To specify a link between a country’ socioeconomic characteristics 
and the daily COVID-19 fatality rate, we specify Equation. (1), where 
the daily fatality rate per million people in country i on day t. The
regression includes Xi,t variables that vary over time and across 
countries. The time-varying variables include the daily cases per 
million people who test positive for COVID-19 on day t in country i. A 
quadratic trend is also included because deaths start at zero, attain a 
peak, and begin falling. Meanwhile, the stringency index is the last 
variable included, which is a composite policy variable to control the 
spread of COVID-19. The measure consists of school closures, travel 
bans, testing policy, and government measures to control the spread of 
COVID-19. The Stringency Index ranges between 0 and 100 with a 
100 being the strictest response. The world intellectual property 
organization publishes the stringency index, while the European centre 
for disease prevention and control provide the daily COVID-19 death 
and positive test for each country for each day in the study.

Equation (1) also has Zi variables that are time invariant and 
country-specific and would include a country’s socioeconomic 
characteristics. The αi are country-specific intercepts in a fixed effects 
model. Although a country’s socio-economic characteristics change 
over time, they are considered fixed in the time frame of this study. 
The time-invariant variables include life expectancy, obesity, 
population 65 and older, population male, medical doctors, hospital 
beds, diabetes, and urban population. We assume the population is 
constant during the sample period, so that we can move the population 
term to the right-hand side of the equation in Equation (2). The 
population variable becomes an offset in the regression. The 2020 
population forecast comes from the population division. The dependent 
variable is countable, or Di,t=(0,1,2,3⋯) per day, which defines either a 
Poisson or negative binomial regression. This type of regression 
appears in the literature, such as Honore and Kesina, who specify this 
regression to model the number of doctor visits with gender and 
education being time-invariant after the age of 30. Meanwhile, 
Hausman, Hall, and Griliches model the number of patents a 
firm possesses based on a combination  of time-varying like  research
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and development funding and firm-specific factors such as book value 
and industry dummies [12].

The next manipulation is to take the exponential function of both 
sides of the equation and separate the time-varying and time-invariant 
variables by rewriting the regression as Eq. (3) by using the properties 
of the exponential function, where 𝑒𝑥𝑝 (X′i,𝑡𝛽+𝑍′i𝛾+𝛼i+𝑙𝑛(𝑃i))= 
𝑒𝑥𝑝(X′i,𝑡𝛽) ∙ 𝑒𝑥𝑝(𝑍′i𝛾+𝛼i+𝑙𝑛(𝑃i)).

We use Honore and Kesina two-step fixed-effects estimator to
estimate the parameters of the model. For the first step, we estimate β
either as a Poisson or negative binomial distribution and omit the
time-invariant variables. This approach works because Lancaster
shows the estimators for estimating β are consistent whether one
includes or excludes the time-invariant variables [13]. Furthermore,
the Poisson has the property where the mean equals its variance or
µ=σ2. Meanwhile, the negative binomial includes a dispersion
parameter, θ that allows the variance to exceed the mean, or σ2=µ+µ2/
θ. We estimate the first step using a negative binominal because the
Poisson is a special case of the negative binomial. As the dispersion
parameter becomes large, the variance approaches the mean in the
Poisson. Both the Poisson and negative binomial distributions are
common in the medical literature for cancer deaths.

The first step uses maximum likelihood to estimate β parameters,
where the daily fatality from country i on day t is the dependent
variable. The regression includes the number of people who have
tested positive in country i on day t per million people for COVID-19.
The daily cases are lagged from daily deaths because of the virus
incubation period. COVID-19 requires between 2 and 14 days to grow,
and an infected person is not likely to seek medical treatment until
exhibiting symptoms [14]. Furthermore, a person dies, on average, 20
days after contracting COVID-19. The lag is set to 14 days, as
outlined in Baud et al. [15]. At last, we apply Huber-White robust
standard errors to reduce heteroscedasticity in the standard errors of
the β parameter estimates, where countries induce unequal variability.

For the second step of the estimator, we have two choices. The first
choice is we average the time effects over Equation (3) by rewriting as
Equation (4). The Ti drops out of the equation.

Since we have estimated the β parameters, we move the time-
varying variables to the left-hand side in Equation (5). The dependent
variable becomes

which we can view as the average deaths in country i divided by the 
expected deaths based only on the time-varying variables. Since we 
average over the time effects, a country’s specific intercept, αi, 
becomes a standard intercept, γ0, in Equation (5).

The second choice is to move the time-varying variables to the left-
hand side and then average over the time effects to yield Equation 6.
The dependent variable becomes

We utilize both methods in this paper.

The second step uses nonlinear least squares to estimate the γ
parameters in both (5) and (6). We use the wild bootstrap to estimate
the standard errors and t-statistics because the standard errors from
nonlinear least squares are viewed as unreliable [16]. The wild
bootstrap accounts for heteroscedasticity in the error terms because the
second step transforms the panel data into cross-sectional. The number
of replications is set to 200 as specified in Honore and Kesina.

Results and Discussion
In this section, we analyse how a country’s socioeconomic

characteristics influence the daily fatality rate of COVID-19. We begin
by plotting the data. Figure 1 plots the global daily positive cases for
COVID-19 and global daily deaths in the top left and right panels. The
virus continues to spread as more people test positive for the virus.
The COVID-19 fatality rate reached a peak in April 2020 and dropped
a little. Several observations can explain this behaviour. For example,
the United States was slow to open testing centers, and the cases, in
the beginning, were testing the critically ill people. South American
and African countries started their epidemics at later dates, which
keeps the daily fatality rate high. The bottom plots show the positive
cases and deaths for the countries with the highest case counts, which
are Brazil, India, Mexico, the United Kingdom, and the United States.
It appears Brazil and India have attained their peaks for the number of
positive test cases, while the United Kingdom and the United States
are reaching new heights.
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Figure 1: Daily cases and daily deaths in 2020.

We turn our attention to Figures 2 and 3, which map by country the
total COVID-19 fatalities on April 30, 2020 and October 31, 2020. In
April, the United States shows the highest number of deaths, followed
by western European countries. Brazil, China, and Iran are slightly
shaded, indicating higher fatality than the surrounding countries. In
October, the deaths continue to climb with the United States still
leading the world while Brazil is not far behind. The map shows new
hot spots emerging in Colombia, Peru, India, Mexico, Russia, and
South Africa. In sum, the maps show that movement control orders,
public face mask requirements, sanitation protocols, and social
distancing are not working as the virus continues to spread and claim
lives.

Figure 2: Total COVID-19 deaths by country.

Figure 3: Total COVID-19 deaths by country.

We turn our attention to the descriptive statistics Table 1, panel a
summarises the descriptive statistics for countries’ socioeconomic
characteristics. The first three variables are time variant. Daily deaths,
positive test result, and Stringency Index are bounded below by zero.
The average daily global deaths over all countries in the sample time
period is 31.93, while the daily average number of people testing
positive is 1,414.99. The Stringency Index averages 60.02 per day as
government-imposed restrictions to stop the spread of the virus. Table
1 also includes the descriptive statistics for the time-invariant
variables. Life expectancy averages 73.5 years with a minimum of
54.36 years and maximum of 85.29 years. The sample has 193
countries (observations) for life expectancy. Furthermore, the per cent
of the population afflicted with obesity ranges from 2.1% to 61% with
a mean of 19.73% and standard deviation of 11.1%. The measure
includes 191 countries. The variable with the smallest number of
countries would limit a negative binomial regression to that number of
countries. For example, the number of medical doctors and hospital
beds reduces the number of countries to 37 and 44 countries,
respectively.

Table 1: Descriptive statistics.

Panel A

Time-variant

Frequency Time period Min Mean Max Std. dev Observations

Deaths Daily 1/1/2020-
10/31/2020

0 31.93 4,928.00 143.75 50,214

Positive Cases Daily 1/1/2020-
10/31/2020

0 1,414.99 234,633.00 7,500.22 50,214

Stringency
index

Daily 1/1/2020-
10/31/2020

0 60.02 100 21.86 50,214

Time-invariant
Life expectancy Annual 2019 54.36 73.53 85.29 7.34 193

Obesity Annual 2019 2.1 19.73 61 11.1 191

Population 65 Annual 2019 1.09 8.98 27.58 6.31 193

Population male Annual 2019 45.46 50.1 75.5 3.35 193

Medical doctors Annual 2019 0.78 3.28 5.24 0.95 37

Hospital beds Annual 2019 0.53 4.3 12.98 2.63 44
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Diabetes Annual 2019 1 8.33 30.5 4.73 210

Urban
population

Annual 2019 13.03 60.92 100 23.99 214

Panel B: Pearson correlation

Time invariant (1) (2) (3) (4) (5) (6) (7)

Life expectancy 1

Obesity 0.51 1

Population 65 0.74 0.3 1

Population male 0.04 0.14 -0.34 1

Medical doctors 0.29 0.21 0.56 -0.17 1

Hospital beds 0.17 -0.33 0.53 -0.31 0.13 1

Diabetes 0.21 0.49 -0.07 0.29 -0.35 -0.23 1

Urban population 0.61 0.48 0.48 0.15 0.09 0.03 0.02

Panel A summarises the descriptive statistics of the data used in this
study. Panel B shows the Pearson correlation between the
socioeconomic variables.

Table 1, panel B shows the Pearson correlations for countries’
socioeconomic characteristics. For example, diabetes measure
positively correlates with life expectancy (0.21) obesity (0.49) and
males (0.29) and negatively correlates with the number of doctors
(-0.35) and hospital beds (-0.23). Furthermore, the obesity measure
positively correlates with the population of 65 and older (0.30) and
urban population (0.48) and negatively correlates to the number of
hospital beds (-0.33).

We apply the two-step fixed-effects estimator on four models. For
the first stage, the observations range between 8,852 and 36,719 with
the smallest number of countries (36) in model 1 and the highest
number of countries (171) in models 3 and 4. Furthermore, the theta
ranges between 0.1644 and 0.2591 and indicates the variance is
overdispersed, and the negative binomial is the appropriate choice.

Table 2 shows the parameter estimates for the first step in the two-
step fixed-effects estimator for the time-varying variables. The number

of people testing positive for COVID-19 per one million people is 
positive and statistically significant in all models. This should not be 
surprising because as the number of people testing positive for 
COVID-19 rises, we would expect more deaths. Furthermore, the 
quadratic trend is statistically significant in all models, and the daily 
fatality rate exhibits an upside-down U-shape. As predicted, a country 
experiences a rise in COVID-19 deaths, attains a peak, and the deaths 
begin falling for the first wave. We solve for the number of days when 
a country reaches its peak after registering their first positive test case. 
Consequently, a country reaches its peak in COVID-19 deaths from 
258.1 and 387.7 days after having its first positive test case. At last, 
the stringency index is positive and statistically significant for all 
models. This result is not unusual because policymakers react to 
deaths. As deaths from COVID-19 rise and hospitals are filled to 
overcapacity, governments are likely to impose stringent measures 
over their constituents to contain and stop the spread of the virus.

Model 1 Model 2 Model 3 Model 4

Countries 36 43 163 163

Observations 8,852 10,476 36,719 36,719

Theta 0.2476 0.2591 0.1644 0.1644

First step

-3.4513**

(-15.9791)

-3.5109**

(-17.6346)

-2.1128**

(-19.5868)

-2.1128**

(-19.5868)

Cases 0.0134**

(12.8946)

0.0107**

(12.4737)

0.0232**

(29.4511)

0.0232**

(29.4511)

Trend 0.0124**

(12.8946)

0.0120**

(12.4737)

0.0107**

(29.4511)

0.0107**

(29.4511)

Trend 2 -1.92E-05** -1.54E-05** -2.08E-05** -2.08E-05**
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Table 2: Parameter estimates of the two-step fixed-effects estimator.

(8)

1

Intercept  ൫ߚመ଴൯ 



(-3.0818) (-2.7861) (-4.4981) (-4.4981)

Stringency index 0.0872**

(38.3714)

0.0879**

(40.2001)

0.0511**

(47.9302)

0.0511**

(47.9302)

Second step

29.8734

(0.1632)

33.4783**

(12.1926)

-3.5477**

(-16.2820)

-3.5205**

(-16.0125)

Life expectancy -0.0867**

(-4.9902)

-0.0582**

(-2.2433)

0.1608**

(49.0709)

0.1432**

(48.3747)

Obesity 0.0505**

(8.5062)

0.0316**

(3.0061)

0.0362**

(60.1559)

0.0320**

(59.9114)

Population 65 0.1539**

(5.5494)

0.1096**

(7.9644)

-0.3902**

(-88.8506)

-0.4047**

(-86.5519)

Male population -0.5872

(1.2301)

-0.6959**

(-10.6431)

-0.2081**

(-51.4511)

-0.1856**

(-48.2244)

Medical doctors -1.0509**

(-2.5711)

Hospital beds -0.5474**

(-13.3906)

Diabetes 0.0189**

(16.7445)

Urban population 0.0089**

(23.1435)

The table summarises the parameter estimates and z-stats (t-stats)
from Honore and Kesina two-step fixed-effects estimator show below.

The first step estimates the β parameters using a negative binomial 
regression that excludes the time-invariant variables. The dependent 
variable is daily deaths, Di,t, in the country i on day t. The explanatory 
variables (Xi,t) include positive test cases per million lagged 14 days, a 
quadratic trend, and the stringency index. Huber-White robust standard 
errors reduce the heteroscedasticity from each country’s variation on 
the standard error. The table includes the z-statistics in parentheses. 
The second step estimates the γ parameters for a country’s 
socioeconomic characteristics (Zi) using nonlinear least squares. The 
dependent variable is

A wild bootstrap with 200 replications estimates the standard errors
and t-statistics. The ∗∗, and ∗ denote significance at the 1%, and 5%
levels, respectively.

The second step in the fixed-effects estimator is to estimate the
parameters for the time-invariant variables. The second step reduces

the number of observations to the number of countries because we
average over the time effects. Model 1 has the fewest observations,
which are 36 countries, while models 3 and 4 have the most with 162
countries. We calculate the new dependent variable as

Both variables are positively correlated, which range between 0.79
and 0.86. Both measures have a lower bound of zero, but the first
dependent variable consistently has a higher upper bound than the
second dependent variable. However, the second dependent variable
leads to more statistically significant variables for the second step,
whose parameter estimates are reported in Table 2.

The results from the second step show the life expectancy is
negative and statistically significant in models 1 and 2, and positive
and statistically significant in models 3 and 4. We would expect life
expectancy to be negative because people living in countries with
better health care and sanitation live longer on average than countries
with lower life expectancies.

Two factors could cause parameter estimates to switch signs even
though they remain statistically significant. First, endogeneity problem
could cause parameter estimates to switch signs. The endogeneity
could result from a missing variable. One correction method is to
increase the number of observations. Models 3 and 4 have at least four
times the number of countries than models 1 and 2. Furthermore,

Citation: Szulczyk KR, Cheema MA, Ziaei SM (2025) COVID-19: The Impact of Socioeconomic Characteristics on the Fatality Rate. J
Community Med Health Educ 15:912.

Page 6 of 8

J Community Med Health Educ, an open access journal Volume 15 • Issue 1 • 1000912

Intercept (ߛො଴) 



multi-collinearity could cause signs to change on parameter estimates. 
Table 3 shows  the results from the  variance inflation factors. The

Table 3: Variance inflation factor.

Model 1 Model 2 Model 3 Model 4

Life expectancy 1.8551 2.1337 3.2882 3.3027

Obesity 1.55 1.9602 1.5133 1.504

Population 65 2.7847 2.4566 3.3177 3.2575

Male population 1.9441 2.2447 1.4773 1.5365

Medical doctors 1.6039

Hospital beds 1.9577

Current smokers

Diabetes 1.3636

Unemployment

Urban population 1.8809

Table contains the Variance Inflation Factors (VIF) for each
regression in Table 2. The VIF is estimated for the variables in the
second stage of estimation with the dependent variable

The VIF does not depend on the regression’s functional form.

The next variable is the per cent of the population who are obese.
Obesity is positive and statistically significant in all models. The
parameter estimates vary over a small range, which indicates the
parameter estimates are robust as the number of counties changes in
the sample. Furthermore, the endogeneity problem may not be severe.
Furthermore, we would expect the parameter estimate to be positive
because obesity is associated with a host of problems called metabolic
syndrome, which includes heart disease, high blood pressure, stroke,
and type 2 diabetes. People afflicted with these conditions are
susceptible to complications from COVID-19. In addition, model 3
has the per cent of the population with diabetes. It is also positive and
statistically significant. In sum, both obesity and diabetes raise the
daily COVID-19 fatality rate.

The variable, population 65 and older, shows mixed results.
Although all parameter estimates are statistically significant, models 1
and 2 are positive and statistically significant with the correct sign,
while models 3 and 4 are negative and statistically significant. As
already discussed, multicollinearity could cause these problems since
the VIF in Table 3 rises for the population age 65 and older. As Table
1 shows, many of a country’s socioeconomic characteristics are highly
correlated, such as life expectancy, age 65 and older, obesity, and
diabetes. In addition, the elderly in retirement homes are particularly
vulnerable because of staff shortages from sick staff and restrictions
that prevent family visits and monitoring, which could increase the
fatality rate from COVID-19 [17].

The variable, percentage of males, is not significant in model 1 but
significant in the other models. However, models 2, 3, and 4 have the
wrong sign. This odd result could originate from most countries
having a population of 50/50 males and females with little variability
between countries.

The next variables measure the level of medical resources a country
possesses. Both medical doctors per 1,000 people and hospital beds
per 1,000 people are negative and statistically significant in models 1
and 2. Even though countries can expand their hospital bed capacity
by organizing and building temporary intensive care units to care for
COVID-19 patients, hospital beds in this model indicate a country’s
medical resource level. As a country starts with more doctors and
hospital beds before the pandemic can expand medical services as
needed during a pandemic. The results corroborate Stojkoski,
Utkovski, Jolakoski, Tevdovski and Kocarev and Sussman that the
medical sector must possess resources to combat the COVID-19
pandemic [18]. The results also confirm that developing countries may
exhibit higher daily death rates from COVID-19 because of the lack of
medical resources to treat the medical complications of COVID-19.
Consequently, social distancing and movement control orders could
slow the number of people becoming infected with COVID-19 and
help a country with limited medical resources to battle an epidemic
[19]. The last variable, urban population, is positive and statistically
significant in model 4. We expect this result because COVID-19
would spread faster in urban areas with dense populations.
Consequently, social distancing, school and work closures, and stay at
home orders could slow the spread of the virus as people minimize
their contact with other people.

Conclusion
This paper has examined the relationship between a country’s

socioeconomic characteristics and their influence on the daily
COVID-19 fatality rate. The results show the two-step fixed-effects
estimator can estimate the time-invariant parameters. As we would
expect, a country with a higher number of medical doctors and
hospital beds in a country reduce the complications of COVID-19 by
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highest value is 3.3177, which suggests a low level of multicollinearity 
exists between the variables.



lowering the fatality rate. Meanwhile, a country with more obese,
diabetics, elderly, and urban population raise the COVID-19 fatality
rate while a higher life expectancy lowers it. At last, the results further
indicate that the daily fatality rate from COVID-19 is positively
related to the number of people testing positive for COVID-19 and the
stringency index. The unusual result with the stringency index may
stem from governments’ reaction to the pandemic as they impose
harsher orders to contain and stop the spread of the virus as the
COVID-19 deaths rise in their countries.

This paper provides four public policy recommendations. First,
governments should encourage universities and health ministries to
establish new medical schools and expand the capacity of existing
medical schools to raise the number of doctors and expand hospital
capacities with more beds. Countries endowed with medical resources
have higher life expectancies. Second, the elderly have a higher risk of
dying, so governments should encourage the elderly to stay at home
during outbreaks and ensure they have access to health care.
Government inspectors should check and monitor the elderly in long-
term care facilities to ensure proper staffing levels and good treatment
of the elderly. Third, governments should encourage their citizens to
maintain healthy body weight since obesity leads to a host of medical
problems, such as type 2 diabetes. Finally, urban populations are more
susceptible to COVID-19, and governments must react quickly to
contain and stop the spread of viruses.
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